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Overview

1. Implementation outcomes 
and strategies

2. Technology to automate MI 
fidelity coding

3. User-centered design for 
maximizing ‘implementability’

4.  Does it make money, save 
money, or meet regulatory 

needs
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Proctor et al., 2010

Will it get used 
(at all) and as 

intended?

If used, does it 
improve client 

outcomes?
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Therapists

Em
pa
th
y

Empathy by Provider in Community Addiction Treatment

Baer et al., 2009
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Deep understanding of client’s worldview / 
the “meaning” of what was said

No interest in client’s worldview and little to 
no attention to what client says
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Aarons, MI LOCI trial
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Therapists
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Empathy by provider in San Diego area addiction treatment
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Challenges revealed from contextual 
inquiry and task analysis:
• Secure recording and sharing
• Finding relevant material in session 

to review in supervision
• Tagging portions of session for 

review and feedback
• No offline or asynchronous 

discussion
• No objective data or session 

summariesTBM
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A glossary of user-centered design strategies for implemen-
tation experts

Alex R. Dopp,1,   Kathryn E. Parisi,1 Sean A. Munson,2 Aaron R. Lyon3

Abstract
User-centered design (UCD), a discipline that seeks to ground 
the design of an innovation in information about the people 
who will ultimately use that innovation, has great potential 
to improve the translation of evidence-based practices from 
behavioral medicine research for implementation in health care 
settings. UCD is a diverse, innovative field that remains highly 
variable in terms of language and approaches. Ultimately, we 
produced a glossary of UCD-related strategies specifically for 
experts in implementation research and practice, with the goal 
of promoting interdisciplinary collaboration in implementation 
efforts. We conducted a focused literature review to identify 
key concepts and specific strategies of UCD to translate into 
the implementation field. We also categorized the strategies as 
primarily targeting one or more levels of the implementation pro-
cess (i.e., interventions, individuals, inner context, and outer con-
text). Ultimately, we produced a glossary of 30 UCD strategies 
for implementation experts. Each glossary term is accompanied 
by a short, yet comprehensive, definition. The strategies and 
their definitions are illustrated, using a hypothetical behavioral 
medicine intervention as an example, for each of the four levels 
of the implementation process. This UCD glossary may prove 
useful to implementation experts who wish to develop effect-
ive collaborations and “shared language” with UCD experts to 
enhance use of behavioral medicine research in health services. 
Directions for future research are also discussed.

Keywords  

Implementation, User-centered design, Human-centered 
design, Design thinking, Evidence-based practice

Researchers have produced numerous evi-
dence-based practices (EBPs)—interventions, assess-
ments, and other tools that have demonstrated the 
ability to improve clinical outcomes in controlled 
research settings—yet many factors undermine the 
translation of EBPs from health research into health 
care settings [1–3]. In particular, it is increasingly 
recognized that EBPs often have fundamental prob-
lems with their design (i.e., form and function) that 
limit their impact in practice (see [4] for a review). 
Examples of design problems (see also [5–7]) 
include low ease of use (e.g., lack of flexibility), high 
complexity (e.g., difficult for providers and patients 
to understand), and poor fit with the intended 
delivery context (e.g., cannot fit within a typical 
session format). In turn, EBPs’ design characteris-
tics strongly influence their acceptability, appropri-
ateness, and feasibility in health care settings [8]. 

Moreover, recent findings indicate that modifica-
tions to EBPs are common (and in some cases lead 
to enhanced patient outcomes) in routine clinical 
practice [2,9,10].

Despite the importance of considering EBP design 
when translating health research into health care set-
tings, translational researchers have paid little atten-
tion to strategies that can directly address design 
issues. Of the many strategies have been identified 
that promote implementation (i.e., adoption and 
uptake) of EBPs in health care settings, most focus on 
modifying the health care setting to better accommo-
date a static EBP (e.g., training providers to deliver 
a complex EBP with high fidelity to the original 
design). Indeed, we [11] reviewed a recently devel-
oped compilation of 73 implementation strategies 
[12] and determined that only three targeted the 
design of the EBP itself (e.g., “promote adaptability”).

Looking beyond traditional implementation 
strategies, user-centered design (UCD) holds con-
siderable potential for improving the implemen-
tation of EBPs (see [4,11]). Drawing from research 

Implications
Practice: Use of shared language around user-cen-
tered design (as presented in this glossary) can 
maximize the usefulness of interdisciplinary 
efforts to promote the implementation of evi-
dence-based practices through improved design.

Policy: Policymakers who wish to promote a 
user-centered culture in health services should 
consider the value of tools like this glossary in 
developing shared language and interdisciplinary 
partnerships between implementation experts 
and user-centered design experts.

Research: The impact of user-centered design on 
evidence use in health services must be tested in 
future research. Defining its scope of applicability 
within health care will be critical, as will be isolat-
ing the effects and mechanisms of user-centered 
design strategies.
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Let’s take a look
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Most project papers available on ResearchGate:
https://www.researchgate.net/project/Machine-learning-based-
feedback-for-psychotherapy

Implementation is critically important for MOBCs, but 
challenging.  User-centered design is well-suited for supporting 
implementation focused research on MOBCs (whether tech or 
not).

Thank you!
Dave Atkins, datkins@uw.edu

https://www.researchgate.net/project/Machine-learning-based-feedback-for-psychotherapy
mailto:datkins@uw.edu
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Extra slides
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Machine learning methods can be quite 
accurate at replicating human coding

1. Latent Dirichlet allocation (LDA; aka, ‘topic models’): 
Bayesian latent mixture models
Atkins et al. (2014). Implementation Science

2.   Conditional random fields (CRF) model: 
Sequential decoding of ‘states’ (similar to hidden Markov models)
Can et al. (2016). Journal of Counseling Psychology

3.   Recursive neural networks (RNN) model: 
‘Deep learning’ using multiple hidden layers
Tanana et al. (2016). Journal of Substance Abuse Treatment

Human reliability
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Rating
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Rating
(1-7)  

Source:

Machine

Human

Machine vs. Human Coding of Empathy
(N = 20)


